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Investigating locomotion intelligence of cheetah

with artificial intelligence

Tomoya Kamimura
(Nagoya Institute of Technology)

Abstract :

Animals use dynamic interaction between body, cranial nerves and environment to produce
sophisticated locomotion, such as the fast and adaptive running of cheetahs. In this study, we
constructed a control schematic for a robot with an animal-like hierarchical structure using deep
reinforcement learning and neural oscillators and verified its effectiveness. As a result, the
obtained controller showed robustness to disturbances while utilizing the system's inherent limit
cycles. The results of this research play a significant role not only in robotics, but also in

understanding the intelligence that actuates animal bodies.
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